
Data & AI Readiness 
Strategy Guide: 
A Comprehensive Guide to 
preparing for AI initiatives



Introduction

Artificial Intelligence (AI) is no longer a futuristic concept; it's a transformative 

force reshaping industries and redefining business strategies. From personalizing 

customer experiences to optimizing operational efficiencies, AI offers 

unparalleled opportunities for growth. According to McKinsey, AI adoption has 

surged globally, with more than two-thirds of respondents in nearly every region 

saying their organizations are using AI1. However, as AI becomes increasingly 

essential for maintaining a competitive edge, one critical challenge persists: data. 


This comprehensive guide is designed to equip Chief Data and Analytics Officers 

(CDAOs), business leaders, and IT professionals with actionable insights to 

successfully navigate the complexities of AI adoption. Whether your goal is to 

enhance customer engagement, streamline processes, or innovate new products 

and services, understanding how to effectively leverage AI is crucial for modern 

enterprises. We will explore the foundational elements of AI readiness—strategy, 

trusted data, skilled people, optimized processes, and robust governance—

providing you with the tools needed to integrate AI seamlessly into your 

organization's strategy.


In a recent public interview, GXS Bank’s Chief Data Officer, Dr. Geraldine Wong sat 

down with Satyen Sangani, CEO of Alation to speak about AI readiness. She 

emphasized the importance of a strong data foundation for AI-driven decision-

making: "We’ve created a data culture where people know and trust the data 

they’re using. They know where to find things, they no longer come to us for 

definitions, and they know the workflows and who the data owners are." By 

leveraging Alation, GXS has empowered over 300 employees to execute over 

3,000 SQL queries and conduct over 5,500 data searches in just 12 months, 

proving that trusted data is the cornerstone of effective AI adoption.


Join us as we explore key aspects of AI readiness, offering practical steps to 

ensure your organization is not just keeping pace with AI advancements but is 

poised to lead in the rapidly evolving business landscape.

�� Singla, Alex, Alexander Sukharevsky, Lareina Yee, and Michael Chui. 2024. “The state of AI in early 

2024: Gen AI adoption spikes and starts to generate value.” McKinsey. 

.

https://www.mckinsey.com/

capabilities/quantumblack/our-insights/the-state-of-ai#/
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https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai#/
https://www.mckinsey.com/capabilities/quantumblack/our-insights/the-state-of-ai#/
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Understanding AI Readiness

AI has become a veritable force in modern business, driving innovation and 

providing competitive advantages to those who can successfully tap into its full 

potential. However, the ability to effectively deploy and use AI is contingent upon 

an organization’s AI readiness. But what does it mean to be AI-ready, and why is it 

so critical for enterprises today?


AI readiness refers to an organization’s preparedness to deploy AI technologies in 

a way that drives meaningful business outcomes. It goes beyond merely investing 

in the latest tools or technologies; it’s about ensuring that AI initiatives are 

strategically aligned with business goals. This readiness requires a holistic 

approach, integrating people, processes, data, and technology to fully support AI-

driven projects.

What is AI Readiness?
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Being AI-ready means more than just having the right technological infrastructure. 

It involves fostering a culture of data-driven decision-making and equipping all 

team members—from leadership to operations—with the necessary skills and 

understanding to utilize AI effectively.

The Role of Trusted Data

At the core of AI readiness lies trusted data. For AI to deliver accurate and 

actionable insights, it requires high-quality, reliable data. However, data quality 

remains a significant challenge for many organizations. In fact, 46% of 

respondents in a Gartner survey identified data quality as the primary obstacle to 

AI implementation, followed closely by concerns about data privacy, security, and 

compliance.2

�� Sachelarescu, Andrei R., and Philip Allega. 2024. “A CEA’s Guide to Manage Architecture 

Competencies for Generative AI.” Gartner.com. 

.

https://www.gartner.com/document-reader/

document/5274163

AI readiness refers to an organization's 
preparedness to deploy and use AI to drive 
outcomes successfully. A strategy is required to 
direct AI initiatives, but getting the most out of AI 
investments requires a combination of people, 
processes, data, and technology. 

https://www.gartner.com/document-reader/document/5274163
https://www.gartner.com/document-reader/document/5274163
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To fully harness the power of AI, organizations must prioritize the development of 

a robust data foundation. This includes ensuring data availability, accuracy, and 

accessibility, alongside implementing strong data and AI governance practices to 

maintain trust and transparency in AI-driven decision-making. Without trusted 

data, even the most advanced AI systems will struggle to produce  

meaningful results.



Data & AI Readiness Strategy Guide  |  6

Building a Roadmap to  
AI Readiness

Achieving AI readiness is a multifaceted process that requires careful planning 

and execution. Organizations can position themselves for success by focusing on 

the following key areas:

By addressing these areas, organizations can develop a comprehensive roadmap 
that positions them to fully realize AI’s potential, driving sustained business 
success in an increasingly competitive environment.

Assess Current Capabilities: Evaluate the 
organization's existing data quality, 
technological infrastructure, and cultural 
readiness for AI. Understanding your 
starting point is crucial for setting realistic 
goals and expectations.

Foster a Data-Driven 
Culture: Encourage 
collaboration and data 
sharing across the 
organization to break 
down silos and support AI 
adoption. A culture that 
values data-driven 
decision-making is 
essential for successful  
AI integration.

Invest in the Right Tools 
and Technologies: Ensure 
that the technological 
stack is capable of 
supporting AI at scale, 
from data management 
systems to machine 
learning (ML) platforms.

Implement Ongoing 
Governance and 
Compliance: Establish 

robust governance 

frameworks that maintain 

trust, transparency, and 

ethical AI use. Continuous 

monitoring and 

refinement of these 

frameworks are essential 

as AI technologies and 

regulations evolve.

Develop a Strategic Plan: Align AI 
initiatives with overarching business 
objectives. Ensure that resources—

financial, technological, and human— 

are appropriately allocated to support  
these initiatives.
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Strategy for AI Success

For AI to deliver significant business value, it must be tightly integrated into the 

organization’s overall strategy. Successful AI initiatives are not just about adopting 

cutting-edge technology; they require a clear alignment with the company’s 

strategic goals. Without this alignment, AI projects risk becoming isolated efforts 

that fail to generate meaningful impact.

The Use Case Alignment Imperative

Aligning AI use cases with the broader business strategy is crucial for driving 

sustainable value. AI should be seen not as a standalone technology but as a 

powerful tool that directly contributes to achieving key business objectives—

whether that's enhancing customer experience, improving operational efficiency, 

or fostering innovation.


Organizations that effectively align their AI initiatives with strategic goals are 

more likely to avoid common pitfalls such as "pilot purgatory," where projects are 

initiated but never scaled. This alignment also ensures that resources are 

allocated efficiently, risks are managed effectively, and cross-functional 

collaboration is encouraged.
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Creating a Roadmap for AI Strategy

To align AI initiatives with business strategy, organizations need a clear roadmap 

that outlines the steps from ideation to implementation. Here are the key 

components to consider when developing this roadmap:

Identify Strategic Priorities: Begin by identifying the organization’s most critical strategic 
goals. These might include enhancing customer satisfaction, reducing operational costs, or 
driving innovation. Once these priorities are clear, determine how AI can help achieve them.

Select High-Impact Use Cases: Evaluate potential AI use cases based on their alignment with 
the identified strategic priorities. Focus on use cases that have the potential to deliver 
significant value and can be scaled across the organization. Consider factors such as feasibility, 
expected ROI, and the availability of data and resources.

Engage Cross-Functional Teams: AI initiatives should not be siloed within the IT or data 
science departments. Engage cross-functional teams, including business leaders, data 
professionals, and operational managers, to ensure that AI initiatives are aligned with business 
needs and have the necessary support for successful implementation.

Allocate Resources Strategically: Ensure that the necessary resources—whether financial, 

technological, or human—are allocated to support AI initiatives. This includes investing in the 

right tools, infrastructure, and talent to drive AI projects forward.

Monitor and Adjust: AI strategy should be dynamic, with regular monitoring and adjustments 

based on the outcomes of initial AI projects. Use metrics and KPIs to measure success and 

make data-driven decisions to refine and optimize the AI strategy over time.
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Avoiding Common Pitfalls

Many organizations fall into the trap of launching multiple AI projects without a 

clear strategic focus, leading to fragmented efforts and underwhelming results. To 

avoid these pitfalls, consider the following strategies:

Prioritize Projects: Focus on a few high-impact use cases rather than spreading 

efforts across too many initiatives. This approach ensures that resources are 

concentrated on projects that are most likely to succeed and drive significant 

business value.

Ensure Scalability: Consider scalability from the outset. Successful AI initiatives 

are those that can be scaled across the organization, delivering value beyond the 

initial pilot phase. This requires careful planning and a focus on use cases that can 

be replicated or expanded as needed.

Foster a Culture of Collaboration: Encourage collaboration across departments to 

ensure that AI projects are aligned with business needs and have the necessary 

buy-in from all stakeholders. A collaborative culture helps break down silos and 

ensures that AI initiatives are integrated into the broader business strategy.
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Trusted Data – The Foundation of 
AI Readiness
Data is the fuel for artificial intelligence. For AI initiatives to succeed, 

organizations must prioritize the quality, availability, and governance of their data. 

Without trusted data, even the most advanced AI models will struggle to deliver 

accurate insights and drive meaningful business outcomes.  

The Vital Importance of Data Availability

High-quality, accessible data is the bedrock of successful AI initiatives. Yet, data 

availability remains a significant challenge for many organizations. Recall the 

Gartner statistic: 46% of respondents identified data quality as the primary 

obstacle to AI implementation. Ask yourself: Can I find the trusted, critical data 

elements (CDE) needed to feed AI/ML models?


Many organizations struggle with data that is siloed across different departments 

or systems, making it difficult to find and retrieve the necessary information. 

, a gas retailer with over 800 locations, struggled with siloed data and 

slow discovery times. Before using Alation's Data Intelligence platform, it took 

them more than 24 hours to access POS data due to search difficulties. This delay 

impacted their ability to build AI models, slowing innovation and decision-making. 

Without quick access to data, even advanced AI/ML algorithms can't generate 

valuable insights or predictions.

RaceTrac

On average, our customers report that their data 
analysts used to spend 75% of their time trying to 
figure out where the data is, if they have access to 
it, and whether it’s the right data for their purpose


Alation Data Culture Journey Search and Discovery

https://www.alation.com/customers/racetrac/
https://www.alation.com/blog/data-culture-journey-search-and-discovery/
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For AI to generate any value, model builders need to access CDEs that are both 

accurate and readily available, which requires a data product inventory to 

streamline findability and retrieval processes. To overcome these challenges, 

organizations need to create a comprehensive data inventory that catalogs all 

available data assets. This inventory should be easily accessible to data scientists, 

analysts, and other stakeholders, ensuring that the right data can be quickly 

located and used to fuel AI models. By streamlining data findability and retrieval 

processes, organizations can significantly enhance the efficiency and 

effectiveness of their AI initiatives.

Breaking Down Data Silos

Data silos—where data is isolated within specific departments or systems—are 

one of the biggest barriers to AI readiness. Siloed data not only limits the potential 

of AI but also creates inefficiencies and redundancies within the organization. To 

fully leverage AI, organizations must break down these silos and create an 

integrated data ecosystem.


This can be achieved by adopting strategies such as data mesh architectures, data 

fabrics, and data modernization efforts. These approaches simplify data 

consolidation and ensure seamless integration across diverse sources. By doing 

so, organizations can deliver data to the right systems and people, enabling deeper 

insights and more accurate AI results.


Simplifying complex data environments not only enhances AI efficiency but also 

significantly reduces the time and resources required for data management. By 

addressing data complexity, organizations are better positioned to respond swiftly 

to market demands and capitalize on new opportunities, driving sustainable 

growth and success.
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Ensuring Quality and Trustworthiness

Ensuring the quality and trustworthiness of data is paramount for reliable AI 

model inputs and outputs. High-quality data is essential for training AI algorithms 

to produce accurate and dependable results. Data quality issues, on the other 

hand, can lead to flawed insights, erroneous predictions, and misguided business 

decisions. A recent published in the Journal of Hospitality Marketing & 

Management reveals that labeling products as "AI-powered" can significantly 

decrease consumers' intention to buy. The study highlights that this hesitance 

stems from a lack of trust and understanding of AI, as well as concerns about data 

privacy. Despite AI's growing presence, consumers often fear the unknown, 

influenced by a lack of transparency in the black box of AI.


Given the nature of AI systems, especially probabilistic models like large language 

models (LLMs), inherent risks such as biases and inaccuracies can never be 

entirely eliminated. However, organizations can mitigate these risks by improving 

data input quality through techniques like retrieval-augmented generation (RAG), 

fine-tuning, and optimized prompts.  The adage "garbage in, garbage out" is 

especially true for AI—only reliable data inputs will yield meaningful and accurate 

results. Additionally, implementing AI guardrails and adhering to ethical guidelines 

during the development, deployment, and monitoring of AI systems further 

reduces the risk of negative outcomes. 


By focusing on data quality and trustworthiness, organizations can ensure that 

their AI initiatives are built on a solid foundation, driving innovation and delivering 

valuable insights that provide a competitive edge.


 study 

https://www.cnn.com/2024/08/10/business/brands-avoid-term-customers/index.html
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People

While technology and data are critical components of AI readiness, the success of 

AI initiatives ultimately depends on people. Organizations must focus on equipping 

their workforce with the necessary skills, fostering a culture that embraces AI, 

and overcoming the natural resistance to change.

Overcoming Organizational Inertia

One of the most significant challenges organizations face when implementing AI is 

overcoming organizational inertia—resistance to change that can impede 

progress and stifle innovation. Remember Hem and Haw from Spencer Johnson’s 

parable Who Moved My Cheese? They’re still out there. This resistance often arises 

from uncertainty about AI's impact on jobs, processes, and existing workflows, 

leading to a reluctance among employees and even leadership to fully embrace AI.


To combat this inertia, organizations must proactively manage change by clearly 

communicating the benefits of AI and addressing concerns head-on. Establishing 

clear goals, defining KPIs, and securing buy-in from key stakeholders are crucial 

steps in ensuring that AI initiatives are seen as valuable and necessary. By 

fostering a culture of adaptability and open communication, organizations can 

reduce resistance and create an environment where AI-driven transformation is 

welcomed rather than feared.
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Fostering AI Literacy Across the Organization

As AI becomes more integral to business operations, AI literacy- understanding AI 

concepts and their implications- must extend beyond data scientists and IT 

professionals. Every employee, from the executive suite to the operational floor, 

needs a basic understanding of AI  (and the quality of data that feeds it) to 

contribute effectively to AI initiatives and make informed decisions in an AI-driven 

environment.


To build AI literacy, organizations should invest in training programs that are 

tailored to different roles and levels of expertise. These programs should cover the 

fundamentals of AI, its potential applications within the business, and the ethical 

considerations associated with AI use. In addition to formal training, organizations 

can promote AI literacy through workshops, seminars, and ongoing education 

initiatives that keep employees up-to-date with the latest developments in AI.


AI Governance Councils, which are growing in popularity, provide an effective 

framework for promoting AI literacy across the organization. These councils 

typically comprise cross-functional teams that include members from legal, 

business, and data science departments. By facilitating collaboration and 

knowledge sharing, AI Governance Councils help ensure that AI initiatives are 

aligned with business objectives and that all stakeholders have a clear 

understanding of the AI technologies being deployed.


At Sallie Mae, collaboration is key. A collection of 500 
data users integrates all aspects of data governance - 
not just for information but also a place for people to 
collaborate and drive policies

Elizabeth Friend
Sr. Director of Data Governance, Sallie Mae
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Cultivating a Collaborative Culture

For AI initiatives to thrive, organizations must cultivate a culture of collaboration. 

This means breaking down silos between departments and encouraging cross-

functional teams to work together on AI projects. Collaboration is key to ensuring 

that AI solutions are relevant, effective, and aligned with the overall business 

strategy.


One way to foster collaboration is by establishing AI Centers of Excellence (CoEs) 

or dedicated AI teams that bring together experts from different areas of the 

business. These teams can serve as hubs for AI innovation, providing guidance, 

resources, and support for AI initiatives across the organization. By promoting a 

collaborative approach, organizations can leverage diverse perspectives and 

expertise, leading to more successful AI implementations.



Optimizing Processes – Efficient AI 
Operations Management
Efficient management of AI operations ensures that AI initiatives deliver their 

intended value. As AI becomes more integrated into business processes, 

organizations must focus on optimizing their AI operations to maintain high 

performance, reliability, and scalability. 


 offers a lesson in the value of centralizing AI data to scale AI 

initiatives. The telecommunications and digital service company centralized 900 of 

its machine-learning features, accelerating machine-learning capabilities. Since 

2020, Spark has invested in and rapidly matured its ML capabilities. Machine 

learning models rely on “features” as their foundational component. To simplify 

and accelerate machine learning model creation, Spark created a library of 

reusable features — a feature store — in Snowflake.

Spark New Zealand

https://www.alation.com/customers/spark-new-zealand/
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Managing AI Operations and Change

The success of AI initiatives hinges on the ability to manage AI operations with 

precision. This involves overseeing the entire lifecycle of AI models, from 

development and deployment to monitoring and maintenance. Effective AI 

operations management ensures that AI models are performing as expected, 

delivering accurate insights, and adapting to changing business needs.


Understanding data flows and transformations is critical to managing AI 

operations. End-to-end data lineage—tracking how data moves and evolves 

throughout its lifecycle—is crucial for maintaining the accuracy and reliability of 

AI models. By having a clear view of data lineage, organizations can identify 

potential issues early, troubleshoot problems more effectively, and ensure that AI 

outputs are consistent and trustworthy.


In addition to managing data flows, organizations must establish robust processes 

for monitoring AI models in real-time. This includes setting up automated alerts for 

deviations in model performance and conducting regular audits to ensure models 

remain aligned with business objectives. Continuous monitoring not only helps 

maintain model accuracy but also allows organizations to respond swiftly to new 

challenges or opportunities.

Alation is now the guide to using our feature store. We 
have around 900 features. It would be extremely 
difficult to keep track of them without a robust catalog. 
Alation has become indispensable for our data 
scientists’ understanding of what features are available 
for machine learning model creation. It also helps avoid 
a lot of duplication in terms of feature engineering and 
creation.
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Transparency in AI models is vital for building trust and ensuring that technical 

teams and business stakeholders understand AI-driven decisions well. AI model 

cards, which provide detailed documentation of a model’s behavior, performance, 

and limitations, are an effective tool for achieving this transparency. These cards 

serve as comprehensive records of how a model was developed, the data it was 

trained on, and the assumptions made during its creation. By promoting 

transparency through AI model cards, organizations can enhance the reliability 

and accountability of their AI systems.

Efficient Metadata Management

Metadata management plays a crucial role in the efficient operation of AI systems. 

Metadata—data about data—provides critical context for understanding and 

utilizing data assets effectively. In the context of AI, metadata management 

involves cataloging, organizing, and maintaining data in a way that supports the 

seamless operation of AI models.


Effective metadata management ensures that all relevant data is easily 

accessible, accurate, and up-to-date. This not only streamlines the process of data 

retrieval for AI model training and analysis but also helps maintain the quality and 

consistency of AI outputs. By implementing a robust metadata management 

strategy, organizations can reduce the time and effort required to manage data, 

allowing teams to focus on higher-value tasks such as model development and 

optimization.
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Continuous Improvement in AI Operations

AI operations management is not a one-time task but an ongoing process that 

requires continuous improvement. As AI models are deployed and used, new 

insights and challenges will inevitably arise. Organizations must be prepared to 

iterate on their models, refine their processes, and adapt to evolving business 

needs.


Continuous improvement in AI operations involves regularly reviewing model 

performance, gathering feedback from users, and incorporating new data and 

techniques. This iterative approach ensures that AI models remain relevant and 

effective over time, delivering sustained value to the organization.


Organizations should also foster a culture of learning and experimentation, 

encouraging teams to explore new ideas and approaches to AI operations. By 

embracing a mindset of continuous improvement, organizations can stay ahead of 

the curve and maximize the impact of their AI initiatives.


Technology – Building the Modern AI 
Stack for Flexibility and Adaptability
As AI becomes a core component of business operations, the underlying 

technology stack plays a critical role in supporting AI initiatives. A modern AI 

stack must be both flexible and adaptable, capable of handling a wide range of AI 

applications while evolving with the rapidly changing technological landscape.

The Versatility of the Modern AI Stack

The modern AI stack is designed to be versatile, providing the infrastructure and 

tools necessary to support diverse AI initiatives across an organization. At its core, 

the AI stack includes data processing frameworks, machine learning libraries, 

deployment tools, and platforms that facilitate the smooth execution and scaling 

of AI models.
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One of the defining features of the modern AI stack is its ability to integrate with 
multiple data sources. AI thrives on data, and the stack must be capable of 
handling a variety of data types—structured, unstructured, real-time, and 
historical—coming from different sources such as databases, APIs, and third-
party platforms. This integration capability is crucial for building comprehensive AI 
solutions that can generate meaningful insights and drive informed decision-
making.


Additionally, the modern AI stack should support a wide range of AI use cases, 
from predictive analytics and natural language processing to computer vision and 
automation. This versatility ensures that organizations can leverage AI across 
different functions and departments, maximizing the value of their AI investments.


Data Sources Ingestion & 
Transport

Data Storage, Query, 
& Processing

Supporting Functions

Data Transformation Data Analysis  
& Output

Data Warehouse

Metrics Layer

Data Modeling

Workflow Mgmt

“Data Lakehouse”

Real-time Analytics 

Database

Data Lake

Storage

File Mgmt

Spark Platform

SQL Query Engine

DSML Platform

Data Replication

Workflow Mgmt

Event Streaming

Reverse ETL

OLTP Databases

ERP Platforms

Operational Apps

Event Collectors

Logs

APIs

Files & Object Storage

Dashboarding

Embedded Analytics

Augmented Analytics

Data Workspace

App Frameworks

DSML & AI

Data Discovery Data Governance Entitlements & Security Data Observability

�� Adapted from Jewell, Nick. Mastering the Modern Data Stack: An Executive Guide to Unified 

Business Analytics. TinyTechMedia LLC, 2023.
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Flexibility in Deployment Options

Adaptability to Evolving Technological Needs

Flexibility is another critical aspect of the modern AI stack. Organizations must be 
able to choose between deployment options that best meet their unique needs, 
whether that’s cloud-based solutions for scalability and ease of management, on-
premise solutions for enhanced control and security, or a hybrid approach that 
combines the best of both worlds.


Cloud-based solutions offer scalability and flexibility, allowing organizations to 
easily adjust resources as AI demands fluctuate. These solutions also reduce the 
burden of managing and maintaining infrastructure, enabling teams to focus more 
on innovation and less on IT concerns. On-premise solutions, on the other hand, 
provide greater control over data and systems, which can be crucial for 
organizations with strict security or compliance requirements.


As the AI landscape continues to evolve, the technology stack must be adaptable 
to new tools and techniques, ensuring that organizations remain at the forefront of 
innovation. This adaptability ensures that the AI stack can evolve alongside the 
organization’s needs, supporting both current and future AI initiatives.


The AI stack's adaptability is one of its most significant advantages. As 
technological needs change, the stack can evolve, incorporating new tools and 
techniques to address emerging challenges and opportunities. This adaptability 
ensures long-term relevance and effectiveness in a rapidly changing  
tech landscape.
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Governance in AI – Ensuring 
Ethical and Responsible Use
As AI continues to permeate every aspect of business, ensuring its ethical and 

responsible use has become a critical priority. Effective AI governance is essential 

for managing the risks associated with AI while maximizing its benefits. 


Data and AI governance goes beyond compliance; it is the foundation of trust 

within an organization. Effective governance establishes clear roles, 

responsibilities, and processes for managing data and AI initiatives, ensuring that 

they align with both business objectives and ethical standards. Traditional 

centralized governance models, often compliance-driven, can stifle innovation and 

fail to meet the dynamic needs of AI-driven enterprises.


In today’s AI-driven landscape, governance should be recognized as a critical 

business capability that balances the need for innovation with the necessity of 

managing risk. Modern governance frameworks are more flexible and business-

focused, enabling organizations to leverage AI responsibly and effectively. By 

adopting a governance approach that supports both innovation and accountability, 

organizations can unlock the full potential of their data and AI initiatives.
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The Pillars of AI Governance

Effective AI governance is built on three key pillars: discoverable and AI-ready 
data, AI documentation, and AI safety. These principles guide the use of trusted, 
reliable, and successful AI initiatives:

Discoverable, AI-Ready Data: AI models can only be as good as the data they’re trained 
on. To discover trusted data for AI, data leaders must provide a mechanism for data 
scientists and AI teams to easily search for and find accurate, contextual, and governed 
datasets. Advanced search capabilities, custom filters, and data quality indicators make 
it easier for AI builders to surface appropriate, non-sensitive datasets. This ensures 
models are built on the most reliable data, driving impactful AI outcomes. Easy access 
to AI-ready data accelerates the model-building process and ensures the integrity of AI 
outcomes, making them more impactful and trusted across the enterprise.

1

Documentation to Support Collaboration on AI Models: Treat AI models like data 
products by documenting important information through searchable and sharable 
model card templates, and enabling collaboration across teams. AI governance 
councils are often composed of cross-functional teams, and it is critical that 
organizations promote transparency and knowledge-sharing to prevent silos.

2

AI Safety Best Practices: To future-proof AI initiatives, organizations should prioritize 
safety by cataloging AI models and visualizing their lineage. Clear traceability allows 
stakeholders to audit AI models, from the datasets used for training to the downstream 
impacts of their outputs. This transparency is essential for compliance with evolving 
regulations and for mitigating risks associated with AI decision-making. Additionally, 
maintaining a shared glossary and policies across the organization enhances AI 
literacy, ensuring that teams clearly understand the models they’re working with.

3
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Addressing AI Bias and Fairness

Bias in AI is a significant governance challenge that can have far-reaching 
consequences if not properly addressed. AI models can inadvertently perpetuate 
or even amplify existing biases in data, leading to unfair or discriminatory 
outcomes. To address this, organizations must prioritize fairness in their AI 
governance frameworks with the following capabilities and best practices.

Bias Detection and Mitigation: Organizations should implement techniques for 
detecting and mitigating bias in AI models. This includes using bias detection tools 
during model development, conducting fairness audits, and ensuring that training 
data is representative and diverse. Regularly testing AI systems for biases and 
making necessary adjustments can help reduce the risk of biased outcomes.

Inclusive AI Development: Involving diverse teams in the development of AI 
systems is another critical strategy for mitigating bias. By bringing together 
individuals with different backgrounds, perspectives, and expertise, organizations 
can better identify potential biases and ensure that AI systems are designed with 
fairness in mind.

Transparency in Decision-Making: Providing clear explanations for AI-driven 
decisions is essential for addressing concerns about bias and fairness. 
Organizations should be able to explain how AI models arrive at their  
conclusions and provide mechanisms for challenging or appealing AI  
decisions when necessary.
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The Future of AI Governance

As AI technology continues to evolve, so too must the governance frameworks that 
guide its use. Organizations must remain proactive in adapting their AI governance 
practices to address new challenges and opportunities. This includes staying 
informed about emerging ethical issues, regulatory developments, and 
technological advancements. The most successful organizations will:

Adapt to Regulatory Changes: Governments and regulatory bodies are 
increasingly focused on AI, with new laws and guidelines being introduced to 
ensure its responsible use. Organizations must stay ahead of these developments 
and ensure that their AI governance frameworks are compliant with current and 
future regulations.

Embrace Ethical Innovation: As AI capabilities expand, organizations have an 
opportunity to lead in ethical innovation. By developing and implementing cutting-
edge ethical practices, organizations can set industry standards and build trust 
with customers, employees, and the public.

Continuously Improve: AI governance is not a static process. Organizations must 
commit to continuous improvement, regularly reviewing and refining their 
governance practices to keep pace with technological advancements and  
societal expectations. By fostering a culture of ethical AI, organizations can  
ensure that their AI initiatives remain responsible, trustworthy, and aligned  
with their core values.



Summary: Preparing for AI 
Readiness in Modern Enterprises
As artificial intelligence (AI) becomes increasingly central to business strategy, 

organizations must prioritize AI readiness to fully harness its potential. This 

comprehensive guide has outlined the essential elements of AI readiness, 

focusing on aligning AI initiatives with business strategy, the importance of 

trusted data, the critical role of people, efficient AI operations management, the 

construction of a flexible AI technology stack, and the implementation of robust 

AI governance.
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Key Takeaways:

Strategic Alignment: AI initiatives must be closely 
aligned with an organization’s strategic goals. 
Identifying and prioritizing high-impact AI use cases 
that directly support business objectives is crucial for 
realizing sustainable value. This alignment ensures 
that AI investments are not just technical projects but 
drivers of significant business outcomes.

Empowering People: The human element is vital for AI 
readiness. Overcoming organizational inertia, fostering 
AI literacy across all levels, and managing change 
effectively are key to ensuring that AI initiatives are 
embraced and supported by the entire organization. 
Collaboration and a culture of continuous learning are 
critical for successful AI adoption.

Building a Modern AI Stack: A flexible and adaptable AI 
technology stack is necessary to support diverse AI 
applications. Organizations should focus on creating an 
AI stack that integrates seamlessly with multiple data 
sources, supports various deployment models (cloud, on-
premise, hybrid), and adapts to evolving technological 
needs. This versatility ensures that the AI stack can meet 
the organization’s current and future requirements.

AI Governance: Robust AI governance frameworks are 

crucial for managing the ethical and responsible use of 

AI. Organizations must prioritize ethics, accountability, 

and transparency in AI development and deployment, 

addressing issues such as bias, fairness, and compliance 

with evolving regulations. Effective governance ensures 

that AI technologies are used in a way that aligns with 

organizational values and societal expectations.

Optimizing AI Operations: Efficient AI operations 

management is essential for maintaining the 

performance and reliability of AI systems. 

Organizations must establish processes for end-to-end 

data lineage, model transparency, and continuous 

improvement to ensure that AI models remain 

accurate and aligned with business needs over time.

Trusted Data: Data quality, availability, and governance 

are foundational to AI success. Organizations must break 

down data silos, ensure seamless data integration, and 

implement robust governance practices to maintain trust 

and transparency in AI-driven decision-making. High-

quality, well-governed data is essential for training 

reliable AI models and delivering accurate insights.



Conclusion

Achieving AI readiness is a multifaceted process that requires careful planning, 

strategic alignment, and a commitment to continuous improvement. As AI 

becomes an increasingly integral part of the business landscape, organizations 

that invest in AI readiness today will be well-positioned to lead their industries 

and achieve sustainable success. 


AI readiness is not just about adopting the latest technologies; it’s about ensuring 

that every aspect of your organization—people, processes, data, and governance

—is prepared to support and drive AI initiatives. By aligning AI with your strategic 

goals, building a foundation of trusted data, empowering your workforce, 

optimizing operations, and implementing robust governance frameworks, your 

organization can fully realize the transformative potential of AI.


As AI continues to evolve, the ability to adapt and innovate will be key to 

maintaining a competitive edge. Those who embrace AI readiness as an ongoing 

journey—one that requires flexibility, foresight, and a proactive approach to 

governance—will not only survive but thrive in the rapidly changing business 

environment.


By taking the steps outlined in this guide, your organization can navigate the 

complexities of AI adoption with confidence, turning AI into a powerful tool for 

driving innovation, enhancing efficiency, and creating lasting value.


Learn more about AI-ready data in the Gartner Report, Quick Answer: What 

Makes Data AI-Ready?
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https://www.alation.com/resource-center/reports/gartner-data-ai-ready/
https://www.alation.com/resource-center/reports/gartner-data-ai-ready/


About Alation

Alation is the data intelligence company. Nearly 600 global enterprises — 

including 40% of the Fortune 100 — rely on Alation to realize value from their 

data and AI initiatives. Customers such as Cisco, DocuSign, Nasdaq, Pfizer, 

and Samsung trust Alation’s platform for self-service analytics, cloud 

transformation, data governance, and AI-ready data, fostering data-driven 

innovation at scale. Headquartered in Redwood City, California, Alation has 

been recognized five times by Inc. Magazine as one of the Best Workplaces. To 

learn more, visit www.alation.com.

https://www.alation.com/

